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This paper describes how technological tools, and especially those connected to
Generative Artificial Intelligence (GenAl), have revolutionized applied linguistics,
including spoken language and pronunciation. We describe how Al is being used in
writing research and practice, in language assessment, and in the field of L2
pronunciation, where Al chatbots, Automatic Speech Recognition, Text-to-Speech, and
voice cloning are causing the field to rethink options for how pronunciation can be taught
and how new models of pronunciation can be imagined.

INTRODUCTION

The theme of the 15" annual Pronunciation in Second Language Learning and Teaching
(PSLLT) 2024 Conference was the role of technology in pronunciation, listening, and speaking.
Technology has almost always been a part of pronunciation research and teaching. Recordings
and recording technology, acoustic analysis software, the use of synthesized voices in text-to-
speech (TTS), the ability to transcribe a wide variety of L2 accented speech using automatic
speech recognition in a wide variety of applications (ASR, see McCrocklin & Edalatishams,
2020), the wider use of High Variability Phonetic Training (HVPT, see Thomson 2018 for a
review) in a variety of languages (e.g., Inceoglu, 2022 for French; Suessenbach, 2022 for
German), all make clear that pronunciation teaching and research does not exist apart from a
central role for technology. The advent of Generative Artificial Intelligence (GenAl) and
Extended Reality has taken the use of technology in directions undreamed of even 10 years ago
(Chapelle et al., 2024a). For spoken language, Al has made voice cloning easily available so that
L2 voices can pronounce their target language with fluency and prosody that closely match L1
models (Skarnitzl & Bofil, 2024), making it possible for learners to notice their “better me”
(Henderson & Skarnitzl, 2022) with more target-like pronunciation. In addition to prosody, voice
cloning can create segmentals, that is, in the creation of Golden Speaker models of L2 speakers’
voices (Ding et al., 2019) and in the automatic detection of mispronounced vowels and
consonants. GenAl has also become a selling point for pronunciation and speaking apps, though
not all approaches are equally good (Kaiser, 2024).
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In addition to prosody, voice cloning can create segmentals, that is, in the creation of Golden
Speaker models of L2 speakers’ voices (Ding et al., 2019) and in the automatic detection of
mispronounced vowels and consonants. GenAl has also become a selling point for pronunciation
and speaking apps, though not all approaches are equally good (Kaiser, 2024). The possibilities
of generative Al for spoken language (pronunciation, listening, speaking), teaching, and
research are just beginning to be imagined. This paper emphasizes specifically the effects of
Generative Al for pronunciation, but it also recognizes that GenAl is even more strongly
represented by work in writing (Zhu & Wang, 2025) and language assessment, and that
researchers and teachers interested in pronunciation can learn from these other areas.

Writing and Al

Writing with GenAl has been in focus since November of 2022, the start of the “Generative Al
era,” driven by the capabilities of OpenAI’s ChatGPT to provide human-like writing samples
from very little background information. Since then, exploring such capabilities and limitations
for second language writing pedagogy has only increased. However, aside from the generative
capability of this technology, artificial intelligence has been helping writers for many decades.
To study the impact of Al on writing, many researchers have employed two main approaches
described by Chapelle et al. (2024b) as either "testing the technology" or "observing technology
use." In the first approach, researchers test the linguistic capabilities of Al, while the second
approach focuses on the interactions of learners engaging Al for learning outcomes. Most studies
in the pre-Gen Al era focused on testing the limits of writing tools for L2 contexts, while the
focus has now shifted to an increasing number of studies focused on understanding the end-user
learning benefits of writing with Al

In the pre-GenAl era, most studies around Automated Writing Evaluation (AWE) assessed the
correlation between machine scoring and human scoring (Huawei & Aryadoust, 2023). This
methodology was mainly driven by the capabilities of Al tools to assess writing from 2011 to
2022, which, by their non-generative nature, only responded with pre-coded algorithms, limiting
the depth of feedback student could receive on their original work. Additionally, a lack of
longitudinal studies in contexts other than English-speaking universities gave fewer insights into
the impact on learning development using AWEs in EFL contexts (Barrot, 2024).

In written contexts, Al-driven tools have also significantly reduced the barrier to learning
academic writing but also opened new ways for plagiarism practices. Overall, Roe et al. (2023)
describe three main tools driving the digital writing changes aside from chatbot-enabled Al tools.
The first of these is known as machine translators (MT) and are used to help L2 learners
understand content in their own native language. The use of large language models (LLMs) in
MTs enables whole papers to be translated in little time with higher than human accuracy for a
comparable amount of processing time. One such tool, DeepL, helps students clarify the meaning
of an English text in their own L1. However, such translating power has come with plagiarism
costs known as "translation plagiarism" and "back-translation" (p. 24). The first type of
plagiarism allows users to translate an entire piece of work written in a language other than
English into English and attribute it to themselves. Back-translation is where content is submitted
to DeepL through multiple iterations, changing the words enough to make it appear as original
content.



The second set of tools is digital writing assistants (DWA), which cannot produce large chunks
of text but rather are designed to work in tandem with written content. Tools like Grammarly or
Wordtune help students with more local content, such as grammar and punctuation, through
automated feedback loops that react to written inputs, similar to the spelling suggestions found in
Microsoft Word. ColloCaid is another DWA focusing on English for Academic Purposes (EAP)
writers to help choose domain-appropriate discourse. Since more capable tools for writing have
emerged (i.e., ChatGPT), ethical concerns about using DWAs have diminished because they only
help users correct lower-level errors.

The third set of tools is Automated Paraphrasing Tools (APTs), as classified by Roe et al. (2023).
These are designed to paraphrase a user-inputted text, which is mainly done at the word level
through substitutions. Overall, their success could be improved as they produce content that is

devoid of a writer's interpretation of another person's ideas. As such, much of the output from
APTs is more easily detectable than MTs and DWAs.

Due to an increase in product-driven results with GenAl over process-driven (Wang, 2024),
research has been set to uncover the perceptions of learners and teachers when dealing with
feedback for written content. In one study, Zhai and Ma (2022) showed that students place more
importance on usefulness than ease of use. In contrast, Zhai and Ma also suggested that
automated systems would benefit from "dialogic and tailored feedback" (p. 2835). Al chatbots
can provide this kind of feedback now when prompted for writing feedback. In perception
studies using GenAl in general or ChatGPT specifically, students are more confident in their
abilities to brainstorm, outline, revise, and edit for academic purposes, noting that their overall
anxiety around writing has diminished (Wang, 2024). However, their confidence in writing is
not without challenges, such as increased awareness of GenAl's lack of originality and critical
thinking, causing students to use Al for only parts of their writing process. These individual
gains could also be qualified as product-driven more than process-driven. When comparing the
improvement of tasks over learning for writing assignments, Yan (2024) showed that individual
learners do better at completing a writing task by themselves while using ChatGPT compared
with a collaborative setup. Conversely, learning gains were significantly improved and
maintained with ChatGPT when students and teachers collaborated on writing tasks.

Overall, LLM-driven tools can help language learners brainstorm, outline, and receive
grammatical explanations in virtually any language and at any time, highlighting the accessibility
advantage of modern chatbots (Godwin et al., 2024) for written feedback. Although many tools
for academic writing cannot deliver a comprehensive, critically reasoned piece of work, new
advancements now bring about new challenges, such as tools that write complete literature
reviews for research purposes (answerthis.io) or offer complete analyses of research data
(julius.ai).

Written Feedback

Studies have also explored Al-assisted tools in English language learning, particularly for
writing feedback and improvement. Mun (2024) found that EFL students using ChatGPT-3.5 for
writing feedback showed significant improvements in content, organization, and reduced
grammatical errors compared to peer feedback as reflected in the content-and-organization



rubric, rising from an average of 62 to 78 points, and grammar mistakes falling from 15 to 6
points per essay. However, concerns about over-reliance on Al were noted. Specifically, students
expressed concerns about how ChatGPT never admits to ignorance or the level of accuracy
provided in responses.

Carlson et al. (2023) offer a media review of GPT-4 for written feedback, highlighting its
potential benefits in language learning. Al-generated feedback was found to be more detailed,
structured, and readily available compared to traditional classroom feedback. Furthermore, the
feedback could be customized to the preference of the user, which in turn promotes learner
autonomy. However, similar to Mun (2024), accuracy and veracity of the content necessitated an
in-person teacher component to effectively guide the learning. Such collaboration was of specific
interest to Hutson et. al. (2024), who conducted a mixed-methods study to uncover the extent to
which hybrid practices were needed in writing instruction. Twenty-eight university students used
ChatGPT-3.5 during class for their writing tasks, and a subset of them additionally tried Claude
2.0, then reflected on how these tools shaped their drafting process. The study identified two key
trends: GenAl tools supported iterative writing processes, such as refining arguments, and they
also fostered a hybrid model of instruction that balanced traditional methods with strategic Al
integration.

In another approach, Escalante et al. (2023) conducted two longitudinal studies to assess the
efficacy of Al-generated feedback compared to human feedback in improving the writing skills
of English as a New Language (ENL) learners. They first compared feedback from writing tutors
to feedback given by ChatGPT for measurable linguistic improvement, and a second study
gauged student preferences for feedback. Results showed that neither Gen Al nor humans were
better at giving feedback that resulted in writing improvement, and that nearly half of the
students preferred ChatGPT feedback. Because neither ChatGPT nor the human tutors clearly
outperformed the other on any specific writing sub-skill, the authors recommend blending Al and
human feedback to better satisfy students’ diverse feedback needs.

Writing Tools

Aside from general chatbots, purpose-driven Al models have become increasingly popular,
promising tailored responses for academic purposes. Godwin-Jones (2022) examined various Al-
enabled writing tools, including AWE systems, machine translation, and synchronous feedback
tools like Grammarly. Overall, Grammarly has shown that it is useful for automated written
corrective feedback (AWCEF), although it is sometimes prone to false positives and negatives
(e.g., flag perfectly acceptable language as errors or, conversely, fail to detect genuine mistakes).
Furthermore, while Grammarly improves grammatical accuracy and lexical diversity, its
emphasis on surface-level corrections often overlooks higher-order writing issues, such as
argument development or discourse coherence, raising concerns about its ability to foster
creativity and deeper cognitive engagement.

Kim and Tan (2023) developed and piloted Scraft, an Al writing-support tool that employs
recursive Socratic questioning to foster critical thinking and iterative improvement. The study
involved 15 university writing students who used Scraft to complete a class assignment for two
weeks. Data were collected through interviews and analysis of writing samples. The findings



indicated that Scraft’s recursive feedback encouraged deeper engagement with the writing
process, improved argument development, and helped students anticipate counterarguments.
However, participants reported that Scraft occasionally produced Socratic questions that were
off-topic, overly generic, or even contradictory to earlier prompts, demonstrating that its
feedback engine still needs refinement.

In one final study, Jiang et al. (2023) investigated the use of Writing Mentor®, a Google Docs
add-on that provides automated feedback on various writing dimensions such as coherence,
organization, and conventions. The study analyzed interaction logs and writing submissions from
596 users, focusing on the relationship between feedback usage and improvements in writing
quality. Writing quality was measured using composite scores derived from three traits:
Purpose/Organization, Development/Elaboration, and Conventions. The analysis revealed that
writing quality significantly improved across submissions, with larger gains for users who
interacted more frequently with feedback on well-edited content.

Assessment

L2 assessment is increasingly exploring the integration of GenAl to enhance authenticity and
better reflect real-world communication. In listening assessment, there is a growing call for
including unscripted texts—those minimally planned and spontaneously produced—and diverse
speech varieties as input in listening tests (Wagner, 2021). Researchers have emphasized that
tests should enable listeners to demonstrate their ability to understand natural speech and
different speech varieties, extending beyond standard varieties like American and British English
to reflect real-world listening situations (Ockey & Wagner, 2018). However, high-stakes tests
have traditionally relied on scripted texts for content control, aligning with test specifications
(Wagner, 2021). Additionally, ensuring sufficient input intelligibility from speakers of different
speech varieties has been challenging.

Recent studies have highlighted Generative AI’s potential for developing listening assessment
materials. Aryadoust et al. (2024) used ChatGPT-4 to generate listening scripts and multiple-
choice test items through iterative prompt engineering. ChatGPT-4 successfully produced scripts
with varied lexical and syntactic complexity aligned to different proficiency levels, but the test
items were less successful. These scripts, when read aloud by Al tools like ElevenLabs, Murf Al,
and Voice.Al, provide diverse voices, speech rates, and speech varieties, resulting in natural,
human-sounding speech recordings (Aryadoust, 2024). ElevenLabs, for instance, provides
multilingual support for 32 languages and an extensive library of regional British and American
dialects alongside English speech from L2 speakers, such as those with Italian, Spanish, or
Indian accents.

In speaking assessment, there is increasing attention to measuring interactional competence—the
ability to communicate effectively with others. Traditionally, speaking assessments that evaluate
interactional competence have relied on interactive formats like paired discussions. However,
involving human partners introduces variability unrelated to the test taker’s ability. For example,
the speaking proficiency of the test taker’s partner (Davis, 2009) and their familiarity with the
partner’s speech variety (Miao & Kang, 2023) can influence test scores, raising questions about
the validity and reliability of the test.



To address these challenges, Spoken Dialogue Systems (SDSs) have been developed to serve as
standardized speaking partners, thereby improving the reliability of the test (Ockey &
Chukharev-Hudilainen, 2021). SDSs can process language in real-time by combining
technologies such as speech recognition, keyword/phrase detection for response generation, and
text-to-speech synthesis. Notably, SDSs can deliberately introduce communication breakdowns,
prompting test takers to demonstrate interactional competence through repair strategies, such as
clarification requests. However, SDS interactions often feel less natural compared to human
conversations due to inappropriate responses and excessive interruptions.

GenAl builds upon the development of SDSs with neural Al-driven natural language
understanding and generation. It enables more sophisticated and human-like dialogues between
test takers and Al. However, challenges remain. For instance, GenAI’s inferencing abilities may
compensate for test takers” mispronunciations, reducing opportunities to assess how they manage
communication breakdowns (Timpe-Laughlin et al., 2024). Fine-tuning LLMs and employing
advanced prompt engineering are, therefore, necessary before Generative Al can be integrated
into test administration. Further research is necessary to address these issues and fully realize the
potential of GenAl in listening and speaking assessments.

Pronunciation and Al

Attention to generative Al has exponentially increased since OpenAl’s public release of
ChatGPT in November 2022. Since then, Al-related endeavors have secured their place in
language teaching as well. We have had conferences adopting Al as the theme of their
conference (CALICO, 2023, TSLL, 2023, 2024) and a conference specifically dedicated to Al
research in Applied Linguistics (AIRIAL, 2023, 2024), launched by researchers/linguistics at
Teachers College, Columbia University, has already had two annual gatherings. Researchers
working on second language pronunciation have not been left behind in this endeavor. The
Pronunciation Special Interest Group of IATEFL, PronSIG, organized a virtual conference on the
use of Al for pronunciation teaching in October 2024. A few weeks before that, the PSLLT
conference welcomed colleagues from around the world for its 15" annual gathering and had the
theme of “Technology Innovations for Researching and Teaching Pronunciation, Listening, and
Speaking.”

The 15" PSLLT started with two pre-conference workshops. One, led by Edna Lima and Lara
Wallace, was titled “Technology innovation: Using ChatGPT to Elevate Pronunciation
Pedagogy”. The number of participants in the room, close to 40, was a clear indication of
participants’ interest in the use of Al for pronunciation teaching. Among 70+ research
presentations, posters, and teaching tips delivered at the 15" PSLLT, nine had generative Al-
related topics, including:

e Accent bias in AI’s judgment of L2 intelligibility (Bae & Kang),

e Al-based pronunciation training for segmentals (Hirschi & Kang)

e Distinguishing human voice from Al-generated cloned voices (Leal-Arenas & Huensch)

e The impact of generative Al-powered chatbots (i.e., Gemini and Pronounce) on L2
comprehensibility (Sonsaat-Hegelheimer, Kurt, & Gonzalez)



e The Al chatbot, Gliglish, and potential pronunciation learning (McCrocklin &
Colclasure)

In addition to smaller-scaled conferences such as PSLLT, TSLL, and AIRiAL, annual
conferences such as AAAL and TESOL welcomed presentations on the use of Al-powered
chatbots and tools for pronunciation teaching, but not as many as the former group of
conferences.

Even though there is increasing attention to the potential of chatbots, and ChatGPT more
specifically, the use of Al-powered chatbots in pronunciation teaching is in its infancy, but the
area is expanding quickly. Pronunciation-focused research on the use of intelligent personal
assistants (Dizon, 2017; Mousalli & Cardoso, 2020), the effects of voice chat (Kim, 2016), Al
chatbots on communication skills, oral proficiency (Kim & Kim, 2021), and the impact of
GenAl-powered chatbots on L2 comprehensibility (Sonsaat-Hegelheimer & Kurt, 2025) all show
interest in this area.

Al studies on spoken language go back nearly a decade. Kim (2016) compared the effects of
chatting with a peer or a voice-enabled chatbot (/ndigo) over 16 weeks to see if the chatting
practice would help improve Korean L1 students’ speaking skills in English. The study showed
that both groups improved their speaking significantly, but students who chatted with a voice-
enabled chatbot had more positive attitudes toward language learning. In a later study (Kim et
al., 2021), L2 speakers enrolled in a listening and speaking class practiced with one of the three
chatbots (i.e., Replika, Andy, and Google Assistant) for about 15 minutes in each class session for
a semester. The study's results reported significant improvements in students’ intonation, stress,
and fluency.

In a more recent study, Sonsaat-Hegelheimer and Kurt (2025) compared the impact of practice
with two different GenAl-powered chatbots, Gemini and Pronounce, to see if chatbots providing
explicit feedback (Pronounce) would be more helpful for the improvement of L2
comprehensibility compared to a chatbot that was not produced for language learning but
showed real-time transcription of a user’s speech which functioned as implicit feedback. This
study showed no significant improvement in L2 comprehensibility at the group level due to
practice with the chatbots. However, some individual students showed improvements, and these
were the motivated students in the study. Learners in this study had positive attitudes about the
chatbots and believed speaking to them helped their pronunciation improve.

Sonsaat-Hegelheimer and Kurt’s (2025) study focused on learning outcomes but did not report
anything about the learning interaction or the accuracy of feedback provided by the chatbots.
This is where Kaiser’s (2025) study comes to help. In his study, Kaiser compares three
pronunciation learning tools that integrate automatic speech recognition (ASR) and Al (i.e.,
ELSA Speak, Loore, Vocal Image). According to the results of this study, most of these apps
provide feedback only on vowels and consonants, and the feedback provided by the tools is
frequently inaccurate.

According to a systematic review conducted by Zhu and Wang (2025), L2 writing is the most
frequently focused area in Al-related SLA research so far. This is followed by speaking;



however, pronunciation is only beginning to capture attention. With the integration of speech
technologies (i.e., ASR, text-to-speech) into Al there is so much potential and different ways L2
teachers can use Al for pronunciation learning. GenAl chatbots could be used both to create
materials (controlled and free speech tasks) and to get feedback on intelligibility, as their real-
time or delayed transcriptions can tell L2 speakers where their pronunciation issues might be.
Tools and apps such as ELSA Speak or Pronounce could be used for explicit pronunciation
feedback, but their accuracy has not been proven to be good yet. We need more pronunciation
researchers conducting exploratory or experimental studies showing how GenAl can help with
pronunciation practice. It is essential to focus not only on the learning outcome but also on the
learning process, that is, learner interaction with GenAl-powered chatbots and apps.

CONCLUSION

Research and applications of GenAl will be the next big movement in L2 pronunciation, and the
promise of Al chatbots for spoken practice means that we expect increasing amounts of
innovative research and teaching applications, such as the development of Gliglish, an Al-based
application by McCrocklin and Colclasure (2025). Beyond pronunciation and speaking, we are
only beginning to see how the GenAl revolution will impact how we do our work. Two open-
access books from the Technology in Second Language Learning and Teaching conference
(Chapelle et al., 2024a, 2025) hint at how applied linguistics and other areas of inquiry will
change within the near future. Both are worth reading for anyone interested in GenAl.

REFERENCES

Aryadoust, V., Zakaria, A., & Jia, Y. (2024). Investigating the affordances of OpenAlI’s large
language model in developing listening assessments. Computers and Education:
Artificial Intelligence, 6. https://doi.org/10.1016/j.caeai.2024.100204

Aryadoust, V. (2024). Applying generative artificial intelligence in language assessment. In 15th
Harvard-China Education Symposium.
https://www.youtube.com/watch?v%3DaTEHCS5POrFQ

Barrot, J. S. (2024). Trends in automated writing evaluation systems research for teaching,
learning, and assessment: A bibliometric analysis. Education and Information
Technologies, 29(6), 7155-7179. https://doi.org/10.1007/s10639-023-12083-y

Chapelle, C. A., Beckett, G. H., & Ranalli, J., Eds. (2024a). Exploring Al in Applied Linguistics.
Iowa State University Digital Press.
https://www.iastatedigitalpress.com/plugins/books/154/

Chapelle, C. A., Beckett, G. H., & Ranalli, J. (2024b). Paths for exploring Al in Applied
Linguistics. In C. A. Chapelle, G. H. Beckett, & J. Ranalli (Eds.), Exploring artificial
intelligence in applied linguistics (pp. 1-8). lowa State University Digital Press.
https://doi.org/10.31274/isudp.2024.154.01

Chapelle, C. A., Beckett, G. H., & Gray, B., Eds. (2025). Researching Generative Al in Applied
Linguistics. lowa State University Digital Press. https://doi.org/10.31274/isudp.2025.211

Carlson, M., Pack, A., & Escalante, J. (2023). Utilizing OpenAl's GPT-4 for written feedback.
TESOL Journal, 15(2), 1-7. https://doi.org/10.1002/tesj.759

Davis, L. (2009). The influence of interlocutor proficiency in a paired oral assessment. Language
Testing, 26(3), 367-396. https://doi.org/10.1177/0265532209104667


https://doi.org/10.1016/j.caeai.2024.100204

Ding, S., Liberatore, C., Sonsaat, S., Luci¢, 1., Silpachai, A., Zhao, G., Chukharev-Hudilainen,
E., Levis, J. M., & Gutierrez-Osuna, R. (2019). Golden speaker builder—An interactive
tool for pronunciation training. Speech Communication, 115, 51-66.
https://doi.org/10.1016/j.specom.2019.10.005

Escalante, J., Pack, A., & Barrett, A. (2023). Al-generated feedback on writing: insights into
efficacy and ENL student preference. International Journal of Educational Technology in
Higher Education, 20(1), 57-76. https://doi.org/10.1186/s41239-023-00425-2

Godwin-Jones, R. (2022). Partnering with Al: Intelligent writing assistance and instructed
language learning. Language Learning & Technology, 26(2), 5-24.
http://doi.org/10125/73474

Godwin-Jones, R., O’Neill, E., & Ranalli, J. (2024). Integrating Al tools into instructed second
language acquisition. In C. A. Chapelle, G. H. Beckett, & J. Ranalli (Eds.), Exploring
artificial intelligence in applied linguistics (pp. 9-23). lowa State University Digital
Press. https://doi.org/10.31274/isudp.2024.154.02

Henderson, A. J., & Skarnitzl, R. (2022). “A better me”’: Using acoustically modified learner
voices as models. Language Learning & Technology, 26(1), 1-21.
https://doi.org/10.64152/10125/73462

Huawei, S., & Aryadoust, V. (2023). A systematic review of automated writing evaluation
systems. Education and Information Technologies, 28(1), 771-795.
https://doi.org/10.1007/s10639-022-11200-7

Hutson, J., Plate, D., & Berry, K. (2024). Embracing Al in English composition: Insights and
innovations in hybrid pedagogical practices. International Journal of Changes in
Education, 1(1), 19-31. https://doi.org/10.47852/bonviewlJCE42022290

Inceoglu, S. (2022). A web-based high variability phonetic training application for French
vowels. In J. Levis & A. Guskaroska (eds.), Proceedings of the 12th Pronunciation in
Second Language Learning and Teaching Conference, held June 2021 virtually at Brock
University, St. Catharines, ON. https://doi.org/10.31274/psllt.13336

Jiang, Y., Beigman Klebanov, B., Livne, O.E., Hao, J. (2023). Analyzing users’ interaction with
writing feedback and their effects on writing performance. In: Wang, N., Rebolledo-
Mendez, G., Dimitrova, V., Matsuda, N., Santos, O.C. (eds) Artificial Intelligence in
Education. Posters and Late Breaking Results, Workshops and Tutorials, Industry and
Innovation Tracks, Practitioners, Doctoral Consortium and Blue Sky. AIED 2023.
Springer. https://doi.org/10.1007/978-3-031-36336-8 72

Kaiser, D. J. (2024). Artificial intelligence integration in three iOS pronunciation apps: ELSA
Speak, Loora, and Vocal Image. Journal of Second Language Pronunciation, 10(3), 404-
426. https://doi.org/10.1075/jslp.24052 kai

Kim, N. Y. (2016). Effects of voice chat on EFL learners' speaking ability according to
proficiency levels. Multimedia-Assisted Language Learning, 19(4), 63-88.
http://doi.org/10.15702/mall.2016.19.4.63

Kim, H. S., Cha, Y., & Kim, N. Y. (2021). Effects of Al chatbots on EFL students'
communication skills. Korean Journal of English Language and Linguistics, 21, 712-734.
https://doi.org/10.15738/kjell.21.202108.712

Kim, T. W., & Tan, Q. (2023). Repurposing text-generating Al into a thought-provoking writing
tutor. ArXiv. 1-2. https://doi.org/10.48550/arXiv.2304.10543

McCrocklin, S., & Edalatishams, 1. (2020). Revisiting popular speech recognition software for
ESL speech. TESOL Quarterly, 54(4), 1086-1097. https://doi.org/10.1002/tesq.3006



McCrocklin, S., & Colclasure, Q. (2025). The Al chatbot, Gliglish, and potential pronunciation
learning. In J. M. Levis, M. Duris, S. Sonsaat-Hegelheimer, & 1. Na (Eds.), Proceedings
of the 15th Pronunciation in Second Language Learning and Teaching Conference (pp.
1-13). Iowa State University, September 2024. https://doi.org/10.31274/psllt. 18418

Miao, Y., & Kang, O. (2023). An empirical approach to measuring accent familiarity:
Phonological and correlational analyses. System, 116, 1-14.
https://doi.org/10.1016/j.system.2023.103089

Mun, C. Y. (2024). EFL learners' English writing feedback and their perception of using
ChatGPT. STEM Journal, 25(2), 26-39. https://doi.org/10.16875/stem.2024.25.2.26

Ockey, G. J.& Wagner, E. (2018). Assessing L2 listening: Moving towards authenticity. John
Benjamins. https://doi.org/10.1075/111t.50

Ockey, G. J., & Chukharev-Hudilainen, E. (2021). Human versus computer partner in the paired
oral discussion test. Applied Linguistics, 42(5), 924-944.
https://doi.org/10.1093/applin/amaa067

Roe, J., Renandya, W. A., & Jacobs, G. M. (2023). A review of Al-powered writing tools and
their implications for academic integrity in the language classroom. Journal of English
and Applied Linguistics, 2(1), 3. https://doi.org/10.59588/2961-3094.1035

Skarnitzl, R. & Boril, T. (2024). Training of English prosody with acoustically modified voices.
Journal of Second Language Pronunciation, 10(3), 375-403.
https://doi.org/10.1075/jslp.24041.ska

Sonsaat-Hegelheimer, S. & Kurt, S. (2025). The impact of generative Al-Powered chatbots on
L2 comprehensibility. Journal of Second Language Pronunciation, 10(3), 339-374.
https://doi.org/10.1075/jslp.24053.son

Suessenbach, L. (2023). Perceptual learning of German sounds: Evidence from Functional Load
(FL) and High-Variability Phonetic Training (HVPT). Unpublished dissertation,
University of Calgary. https://doi.org/10.11575/PRISM/41981

Thomson, R. I. (2018). High Variability [Pronunciation] Training (HVPT): A proven technique
about which every language teacher and learner ought to know. Journal of Second
Language Pronunciation, 4(2), 208-231. https://doi.org/i0.1075/jslp.17038-tho

Timpe-Laughlin, V., Sydorenko, T., Dombi, J., Oh, S., & Divekar, R. (2024). Spoken dialogue
technology versus ChatGPT: Benefits and challenges for practicing and assessing oral
interaction. Paper presented at the 2nd Artificial Intelligence Research in Applied
Linguistics (AIRiAL), New York, US.

Wagner, E. (2021). Assessing listening. In G. Fulcher & L. Harding (Eds.), The Routledge
Handbook of Language Testing (2™ ed.), pp. 223-235). Routledge.
https://doi.org/10.4324/9781003220756-18

Wang, C. (2024). Exploring students’ Generative Al-Assisted writing processes: Perceptions and
experiences from native and nonnative English speakers. Technology, Knowledge and
Learning, 30, 1825-1846. https://doi.org/10.1007/s10758-024-09744-3

Yan, D. (2024). Comparing individual vs. collaborative processing of ChatGPT-generated
feedback: Effects on L2 writing task improvement and learning. Language Learning &
Technology, 28(1), 1-19. https://hdl.handle.net/10125/73597.

Zhai, N., & Ma, X. (2022). Automated writing evaluation (AWE) feedback: A systematic
investigation of college students’ acceptance. Computer Assisted Language Learning,
35(9), 2817-2842.

10


https://doi.org/10.1016/j.system.2023.103089
https://doi.org/10.1016/j.system.2023.103089

Zhu, M. & Wang, C. (2025). A systematic review of research on Al in language education:
Current status and future implications. Language Learning and Technology, 29(1), 1-29.
https://doi.org/10.64152/10125/73606

11



